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Abstract: Foundation/Objectives: In this paper, Harmony search (HS) based thresholding is 

proposed to section the gray scale image by augmenting the entropy esteem. 

Strategies/Statistical examination: Better division technique gives suitable edge esteems to 

upgrade the area of enthusiasm for the computerized image. The entropy based strategy, for 

example, Kapur's is picked in this paper to section the image. This work is executed utilizing 

skin melanoma images which is changed over to the gray scale images (got from ISIC 

dataset). The HS helped division with entropy work is affirmed utilizing the all inclusive 

image predominance estimates existing in the writing. Discoveries: Results of this recreation 

work demonstrate that Kapur work offers better execution measure esteems. 

Applications/Improvements: Proposed strategy can be tried utilizing other late heuristic 

techniques existing in the literature. 
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1. INTRODUCTION 

There are many sort of category in skin cancer, though Basal cell carcinoma, Squamous cell 

carcinoma and Melanoma has been maximum prominent of them are Basal cell carcinoma, 

Squamous cell carcinoma and Melanoma [1]. Melanoma is a swift growing melanin which 

delivering cells called as melanocytes ascertain the wide stages of melanoma cancer [2]. 

Melanoma is a treacherous and critical one to identify in beginning stage and spreads to 

remaining part of the body at preceding stages. It’s vital that it can be detected at beginning 

stage, which reduces the death rate of humans. It is estimated in 2017 that 9730 demises will 

occur through melanoma, which can be obviously reduced once detected during early stages. 

Survival rate increases rapidly when detected at earliest than that of detecting at higher stage 

and it also declines the treatment cost drastically [3][4]. Manual detection need expert specialist 

and too it has a problem due to inter observer variations. 

A trustworthy modified module for melanoma affirmation, growing the exactness and 

adequacy of pathologists, is profitable to make. The dermoscopy system is utilized to enhance 

the definite execution of melanoma [5]. Dermoscopy is a non-invade skin imaging method of 

increasing an intensified and edified image of dermis for extended clearness of the skin spots 

[6], which improves the exceptional perception of skin sore by emptying surface reflection. 

Regardless, modified affirmation of melanoma from dermoscopy pictures is so far an irksome 

task, as it has a couple difficulties [7]. The foremost complexity which creates minimum impact 

is the complexion between skin lesions and skin locale arouses difficulty in determine with the 
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intact boundaries. Similarity in the visual perception among melanoma and non-melanoma 

lesions produces trouble in resolving and classification of underlying categories [8]. The final 

appealing condition is due to the mixture of skin conditions like skin concealing, normal hairs 

or veins inculcate vibrant changes in the surface or in the structure of melanoma. 

Programmed division in dermoscopic images presents numerous challenges identified with 

the conceivable nearness of hair, breathtaking reflections, different hued sore, low 

differentiation between the sore zone and the encompassing skin, unpredictable and fluffy sore 

outskirts, and ancient rarities, for example, skin lines, veins and air bubbles brought about by 

dermoscopic gel [9]. A few division calculations have been proposed in the writing to manage 

the issue of precisely dividing skin injury images and two studies in this field have been 

acknowledged by Celebi et al. [7,9]. As per Xie and Bovick [10] and to Silveira et al. [11], 

existing methodologies can be assembled into three principle classifications: Thresholding 

techniques. Methodologies in this classification go for looking at visual element esteems for 

single or gathering of pixels in the dermoscopic picture with edge esteems (e.g., a pixel is 

named as a sore point in the event that it is darker than a given shading limit esteem)[12]. The 

yield of the thresholding procedure is a parallel picture, which can be additionally handled to 

sift through anomalies, to fill little gaps, or to choose the biggest associated part. Instances of 

thresholding techniques are versatile thresholding [13], histogram thresholding [14], and 

grouping. Specifically, a grouping based division technique for dermoscopy images is depicted 

in [15]. Diverse thresholding strategies can be consolidated together. In [16], pixel-based and 

locale based strategies are utilized in blend with a district developing methodology for naturally 

extricating the sore zone. In [17], the outcomes produced by a troupe of various thresholding 

techniques are melded, hence getting a last veil that misuses the idiosyncrasies of every 

particular strategy. Specifically, four strategies are considered for building the troupe: fluffy 

comparability, greatest entropy, least mistake thresholding, and Otsu's grouping. 

In this work, image thresholding has been incorporated by considering a non-parametric 

approach, for instance, maximal entropy model. Harmony Search(HS) based methodology is 

proposed to direct the staggered thresholding measure utilizing Kapur's entropy work for a limit 

level. The division process is tried on 256 × 256 measured dark level skin melanoma pictures 

(RGB pictures changed over to Gray). The point of the paper is to give an investigation of 

Kapur's capacity utilizing HS. The recreation work is actualized utilizing Matlab R2014a and 

the picture execution measures, for example, Peak Signal-to-Noise Ratio (PSNR), Accuracy, 

exactness, Specificity, affectability and the run season of CPU. 

 

2. RELATED PREVIOUS WORKS 

Threshold approach has been a uncomplicated and enthralling technique to segment the 

Region of Interest (ROI) from an image with boundaries [18]. Archive image segmentation, 

image segregation are the state of art fields where this approach can be produces efficient 

output [19]. Substantially it can be utilized for making decision for extricating printed 

characters, logos finding lines and legends [20]. The usage can be extended for article detection 

and stamping parts and too for evaluating the quality of composition of disposing 

malfunctioned parts [21 [22]. Enormous optimization techniques manage staggered 

thresholding for image segmentation, few of them has been listed as follows. Particle Swarm 

Optimization (PSO) [23], Moth Flame Optimization (MFO) [24], Genetic Algorithm GA) [25], 

Whale Optimization Algorithm (WOA) [24], Ant Colony Optimization (ACO)[26].  

 

Kapur's Entropy based Segmentation 

In the discipline of image processing, image segmentation is generally used to remove the 

segment of enthusiasm for a digital image outline. It is an underlying advance in image 
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preparing, which helps in isolating an image into non-covering, homogeneous areas encasing 

interrelated articles. Imaging writing gives the data about various segmentation techniques 

proposed and actualized by the vast majority of the analysts[27]. Image thresholding technique 

is classified as local dimension limit and global dimension edge. In the local dimension 

thresholding, different edge esteems are designate for each segment of the image, while in 

global dimension thresholding, a solitary edge esteem is doled out to the entire image[28]. 

Amid this procedure, a likelihood thickness capacity of the gray dimension histogram is 

utilized to discover the limit an incentive with the assistance of parametric or a non parametric 

methodology. Image thresholding dependent on the parametric methodology is mind boggling 

and tedious [29]. The ultimate result by this system likewise influenced because of the image 

quality and beginning conditions. Thus, non-parametric methodologies are broadly received by 

the greater part of the specialists to comprehend gray and shading image division issue. 

Thresholding strategies are utilized for sectioning the image into two (bi-level) or more 

classes (RGB)[30]. The parallel dimension thresholding is taking just a single edge esteem (t) 

and after that testing each pixel with explicit force esteem, in the event that it is higher, the 

limit esteem (t) arranged as the top of the line and the other pixel with an alternate force esteem 

are named inferior. In multilevel thresholding, the pixels in the image are segmented many 

sections on which one of the section will be considered as most curious one that having the 

limit esteem [31-33]. Fundamentally, two methodologies called parametric and nonparametric 

can be utilized to decide the ideal edge esteem [32]. In parametric methodology, a few 

parameters of a likelihood thickness capacity ought to be assessed for ordering the classes of 

image. However, this methodology is computationally costly what's more, tedious though that 

non parametric methodology advances a few criteria, for example, the blunder rate, the entropy, 

and so on, so as to decide the ideal limit esteems However, there are two techniques can be 

utilized for paired dimension thresholding; Otsu's and Kapur. Among the two techniquies Otsu 

involves the modification in the classes; in particular it observes the maximum change amongst 

the classes. On the other hand, the Kapur strategy amplifies the entropy to measure the 

homogeneity among the classes. These two techniques for multilevel threshold gets expanding 

to a new limit [35]. 

The objective of this work is to assess the precision of the entropy-based thresholding 

approaches and their mix in skin melanoma lesion recognition system. This is achieved by: 1. 

building up a melanoma lesion recognition structure that takes a skin image and creates a 

sectioned image with a distinguished melanoma if skin melanoma lesion is present, 2. utilizing 

distinctive entropy based thresholding in the created melanoma location system, 3. 

consolidating different thresholding approaches by applying legitimate administrators on the 

thresholding yield and obtains a programmed choice of their yields to get the best outcome and 

4. Assessing the entropies results and their distinctive mixes in the created melanoma location. 

Kapur's entropy work has been initially proposed in 1985 to segment the gray scale image by 

boosting the entropy of histogram [30] finds out the threshold using Kapur's strategy. 

At that point, the Kapur's entropy will be;  

Jmax = fkapur(Th) = ∑ Hj
ck

j=1    (1) 

For the most part, every entropy is processed autonomously based on the specific Th esteem. 

The HS based search capriciously modifies the values of threshold until Jmax is reached. 

Harmony Search Algorithm 

The HS was from the outset proposed by Geem [36] and associated with tackle the 

optimization issue of water allocation organizes in 2000. As a novel people based meta-

heuristic algorithm, in the midst of the progressing years, it has expanded unbelievable research 

accomplishment in the areas of mechanical structure, control, banner dealing with, etc. In any 

case, not equivalent to most creating NIC algorithms, the inspiration of the HS isn't from the 
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trademark ponders, for example, the CSA is animated by counterfeit invulnerable structure, 

and the aggregate direct among the unsophisticated individuals of some living creatures has 

progressed the swarm information, anyway is conceptualized from the melodic strategy of 

searching for an ideal state of harmony constrained by snazzy norms. As we likely am mindful, 

when specialists make the harmony, they as a rule endeavor distinctive possible mixes of the 

music contributes set aside their memory. Such a beneficial search for an ideal harmony is 

undifferentiated from the system of finding the ideal responses for building issues. The HS 

procedure is pushed by the unequivocal norms of the harmony demonstration of immediacy 

[37]. The Basic Harmony Search Algorithm is the music unconstrained creation is a procedure 

of searching for the better harmony by trying different blends of pitches that should search after 

any of the going with three standards [37]: 

1. Propagate a random single pitch from the memory; 

2. Propagate near one pitch from the memory; 

3. Propagate a sporadic pitch from a conceivable range. 

This methodology is reflected in each factor decision of the HS algorithm. So additionally, 

it should seek after any of the three principles underneath: 

1. Picking a random impetus from the HS memory;  

2. Picking an adjoining impetus from the HS memory;  

3. Picking an arbitrary impetus from the possible regard go.  

The above pointed out guidelines of the HS algorithm are feasibly planned by utilizing dual 

basic boundaries which are Harmony Memory Thinking about Rate (HMCR) and Pitch 

Altering Rate (PAR). Figure. 1 demonstrates the flowchart of the essential HS strategy, 

involves four vital steps. 

Step 1. Introduce the HS memory (HM). 

Step 2. Improvise another arrangement 

Step 3. Refresh the HM. 

Step 4. Rehash Step 2 to Step 3 until a preset end standard, e.g., the maximal number of 

cycles, is met. 
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Figure 1 Flowchart of HS Algorithm 

The assembly speed and the controls the part of arrangements were influenced by the two 

important parameters HMCR and PAR. The previous is utilized to set the likelihood of using 

the memorable data put away in the HM. For instance, 0.9 depicts the unique part of another 

arrangement will be liked over the HM with 90 % likelihood, and 10 % likelihood from the 

entire range. Each segment of the arrangement is responsible for making the decision to keep 

the pitch balanced or not. If the value of PAR is one, it results in a idle pace and suppose the 

PAR value is 0.3 it exhibits that the adjacent pitch is worth to be picked with a probability of 

30% 

Like the GA, molecule swarm optimization (PSO) [38– 40], and differential advancement 

(DE) [41, 42], the HS strategy is an arbitrary inquiry procedure. It doesn't require any earlier 

space data, for example, the slope of the goal capacities. Be that as it may, not the same as 

those population-based transformative methodologies, it just uses a solitary pursuit memory to 

develop. In this manner, the HS technique has the qualities of algorithm effortlessness. 

 

3. RESULTS AND DISCUSSION 

Multilevel threshold of images based on HS algorithm with Kapur’s Entropy is 

executed in Matlab software with the configuragion of an Intel Core i7 3.6GHz CPU, 24 

GB RAM running with windows 8. 

Here we fix the optimization parameters of HS algorithm as follows: population size is kept 

as 25, dimension of search in Th is chosen as highest numeral of emphasis which settles as 500, 

Jmax is the rule for end of the search process, so that Jmax is to become minimum and finally 

the process is repeated for 30 cycles for each and every image by utilizing Kapur’s entropy and 

estimating the threshold. 

The input images were downloaded from the online repository https://www.isic-archive.com 

which has been transformed into RGB for further processing. Sample images and its 

corresponding histograms were tabulated in table1. All the images are segmented based upon 

the HS and Kapur to find a threshold. Sample images which are thresholded and segmented are 

depicted in Table 2 and their respective image quality performance measures were tabulated in 

Table 3. 

Table. 1 depicts the sample images and its corresponding histograms. The proposed multi-

level segmentation process is applied on melanoma images using HS and Kapur for a threshold. 

The thresholded image and segmented sample images are depicted in Table.2 and the related 

image quality measures are shown in Table.3. 

 

Table 1: Test Images and the Gray Scale Histogram 

Image Histogram 

https://www.isic-archive.com/
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This cycle finds ideal edges for the test image dependent on the picked Th esteem by boosting 

Jmax. From the Table. 3 it is induced that the presentation of this technique is utilizing the 

picture prevalence measures, for example, PSNR, Sensitivity, Specificity, Accuracy and 

Precision. The normal CPU time taken to finish the thresholding cycle is recorded as 6 to 8 

seconds. This reproduction result apparent that, Kapur's methodology offers better picture 

quality estimates when it is contrasted and the ground truth. The system is rehashed more than 

200 pictures with and it appears to coordinate well with the ground truth and also the 

presentation files are having amazingly in the more significant level. 

 
Table 2: Segmented Images by Stages 

Gray image HS best fit  Before Watershed Watershed image 
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Table 3: Performance Measures with Kapur’s Entropy based Segmentation 

Image identifier Name PSNR 
Sensitivity 

in % 

Specificity 

in % 

Accuracy 

in % 

Precision 

in %  

AMM1 13.0150 98.38  98.07  97.82 97.17 

NM2 13.3951 98.47 97.05 98.20 99.32 

SSM1 13.4353 95.10 100 95.82 100 

SSM28 14.6902 99.50 88.41 98.50 98.86 

10 14.4168 98.70 99.77 98.75 99.99 

NM83 14.2571 96.12 100 96.44 100 

SSM7_2 12.2259 99.42  97.88 99.30  99.82 

SSM12 9.5940 99.52 92.85 99.32 99.78 

SSM18 13.1133 98.94 98.22 98.88 99.82 

 

4. CONCLUSION 

In this work, image thresholding is produced in the form of dim scale image dataset using HS 

and Kapur work. This cycle discovers ideal edges for the test picture reliant on the picked Th 

regard by growing Jmax. The introduction of this procedure is attested using the image PSNR. 

The time utilztion factor of the CPU to complete the thresholding cycle is furthermore recorded. 

This simulation results shows that, Kapur's methodology offers better image quality measures 

and gives the less CPU execution time. 
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